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Method oty LM Rt (Acc) |[AUC (Mighit%) | g | R | I Eri AR | P9 g
SSD [27] VGGNet-16 84.7 93.0 78.1 89.4 82.1 83.8
RetinaNet [25] o ResNet-50 w/ FPN 87.4 91.8 81.6 | 89.8 84.8 86.8
Faster R-CNN [37] = ResNet-50 w/ FPN 89.7 93.6 91.2 | 89.9 87.7 90.5
FCOS [10] ResNet-50 w/ FPN 88.9 92.4 87.3 | 89.9 86.6 89.2
SSD [27] VGGNet-16 88.2 93.8 88.4 | 89.5 86.0 88.6
RetinaNet [25] w ResNet-50 w/ FPN 79.0 87.4 60.0 | 90.7 75.9 75.8
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SSD [27] VGGNet-16 52.3 22.6 50.5 22.8 8.1 3.2
RetinaNet [25] o ResNet-50 w/ FPN 52.1 22.2 45.4 19.6 6.2 2.4
Faster R-CNN [37] = ResNet-50 w/ FPN | 57.3  22.7 | 53.3 21.9 9.6 2.9
FCOS [10] ALL ResNet-50 w/ FPN 46.6 18.9 40.3 16.8 6.2 2.1
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SSD [27] VGGNet-16 68.3 28.7 63.7 28.0 10.7 4.0
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